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ABSTRACT

We introduce SWE-Bench.

1 INTRODUCTION

2 RELATED WORK

3 SWE-BENCH

SWE-Bench comprises popular Python package repositories from GitHub.

3.1 TASK FORMULATION

Each task consists of Problem Statement (issue), Codebase (repo + commit), Gold Patch, Test Patch.

3.2 DATA COLLECTION

3.3 EVALUATION HARNESS

Setting up environments, evaluating performance pre and post test patch.

4 SWE-LLAMA

4.1 SWE-PRS

4.2 TRAINING DETAILS

We train using oracle files (instead of entire code for efficiency).

4.3 EVALUATION

Since most models have limited context lengths, we evaluation models in two settings (oracle, and
retrieval) to introduce the relevant context. Ideally, models

4.4 EXPERIMENTAL SETUP
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5 RESULTS

6 ANALYSIS

6.1 HELD-OUT REPO PERFORMANCE

6.2 PERFORMANCE OVER TIME

7 CONCLUSION
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